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Introduction

Ever since digital media facilitated new routes of communication, there has been uncivil discourse online
(Papacharissi, 2004). Yet, especially adolescents and young adults appear likely to encounter and experience
online hate, both as witnesses and as targets (Kumar, 2025; Wang et al., 2019). Research suggests that exposure
to online incivility triggers negative emotions and thereby reduces satisfaction and willingness to participate in
online discussions (Gervais, 2015; Lick & Nardi, 2019). Furthermore, incivility may also lead to hostile cognitions
(Rosner et al., 2016) or negative emotions that facilitate retaliation (Chen & Lu, 2017). Additionally, incivility is
suspected to increase polarized judgements in discussions (Anderson et al.,, 2013) and generally disrupt
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deliberative online discourse (Luck & Nardi, 2019). In its most extreme form, online incivility has been associated
with real-life violent hate crimes (Muller & Schwarz, 2020).

These negative effects of incivility online, combined with its continuously prominent role in public online discourse
(Salgado et al., 2023; Sun et al. 2021) point to the necessity of a better understanding of intra- and interpersonal
psychological mechanisms that are involved when people are exposed to online incivility. Prior research has
already identified important predictors of individual experiences and behaviors in different roles, such as
perpetrators, victims, or bystanders—reflecting the sender, receiver, and observer roles in communication theory
(see for example Shannon, 1948). For example, findings suggest that being more frequently exposed to uncivil
content might increase the risk of becoming victim and perpetrator of incivility (Frischlich et al., 2021; Wachs et al.,
2019). However, much of this work relies on variable-centered approaches, which focus on relationships between
isolated variables across an entire sample. While useful, this approach treats individuals as homogenous units,
potentially obscuring meaningful patterns within individuals. For instance, it cannot identify whether the same
individuals who frequently perpetrate online incivility also frequently experience victimization - since it analyzes
these variables independently rather than jointly within individuals. To address this limitation, the current study
adopts a person-centered approach using Latent Profile Analysis (LPA), which allows us to classify individuals
based on shared patterns across indicators. By incorporating measures of exposure to incivility, personal
victimization, perpetration, support for retaliation, and defending behavior, we aim to take a broader look at
individual involvement in uncivil online discourse. We then compare these profiles across six countries, alongside
demographic factors and moral-emotional responses. Summarizing our research goal, we aim to investigate how
experiences of and engagement with online incivility are systematically linked within individuals, analyze the
intraindividual dynamics involving emotional reactions and potentially derive insight into pathways for tailored
interventions and prevention strategies.

Online Incivility

Incivility reflects violations of general communicative norms, such as insults that can be directed against
individuals or groups (Coe et al. 2014). This conceptualization of incivility can be used as an umbrella term for a
broader range of negative or insulting speech, such as hate speech and flaming (e.g., Aiken & Waller, 2000;
lzquierdo-Montero et al., 2022; Thompsen & Foulger, 1996; Warner & Hirschberg, 2012). Accordingly, when
referring to prior research or specific survey measures, we use the terminology employed in those studies (e.g.,
hate speech or uncivil discourse), while treating these related concepts as manifestations of online incivility.

The emergence of social media platforms and their growing role in election campaigns, protests, and political
discourse—particularly since the late 2000s—raised public and scholarly concerns about increasing levels of
uncivil and hateful speech. Empirical research, however, suggests that overall levels of incivility on major platforms
such as Reddit and Twitter (now X) have remained relatively stable over time (Sun et al., 2021; Theocharis et al.,
2020). At the same time, research shows that levels of incivility can fluctuate in response to major political events
and platform governance, with spikes often occurring around salient moments such as elections or crises and
declines following content moderation practices such as deplatforming (Jhaver et al., 2021; Rasmussen & Petersen,
2023; Sun et al., 2021 Theocharis et al., 2020; Saleem & Ruths, 2018).

While current evidence provides little support for a sustained overall increase in online incivility, emerging
research suggests that incivility may be concentrated among particular users. Studies using user- and person-
centered approaches show that some individuals repeatedly engage in uncivil behavior across online
communities, including and beyond political contexts, and that higher levels of online incivility are associated with
adverse life experiences such as criminal justice involvement or time spent in foster care (Mamakos & Finkel, 2023;
Rasmussen et al., 2024). These findings highlight the importance of person-centered approaches that identify how
different forms of engagement with incivility—such as perpetration, victimization, and bystander behavior—co-
occur within individuals. Yet research examining how different forms of engagement with incivility—beyond the
common separate focus on perpetrators or victims—cluster within individuals remains limited.

Online Encounters With Incivility
People engage with online incivility in different psychological modalities (e.g., cognitive, affective, behavioral) and

in different social roles (e.g., perpetrator, victim, observer). In regard to experiential involvement, we distinguish
between (a) exposure to hateful content in terms of the general quantity of encounters with incivility from any



possible social perspective, and (b) victimization, which refers to instances in which a person experienced
themselves as the target of incivility. In addition, we consider (c) retaliation acceptance, indicating the normative
legitimization of reactive forms of aggression against a perpetrator, and thus captures individuals’ cognitive-
evaluative responses to incivility. When it comes to behavioral engagement with incivility, distinctions are made
between (d) perpetration, whether people use uncivil speech in an online context themselves and (e) bystander
behavior in the form of intervening to prevent or counteract incivility.

There is generally much research on predictors and consequences of each of these different forms of experiences
and behavioral engagements with online incivility. Madriaza et al. (2025) provided a meta-analytic review of studies
on exposure to hate speech and found that exposure negatively affects individuals' psychological well-being. Ng
et al. (2020) systemized dispositional (e.g., attentional impulsivity), developmental (e.g., educational level) and
social (e.g., time spent online) predictors of perpetration behavior (see also Frischlich et al., 2021). There is
consistent evidence that victimization experiences are likely to elicit depressive symptoms (e.g., Wachs et al., 2022)
and there is also research on boundary conditions that make bystander intervention more or less likely (e.g.,
Obermaier et al. 2023).

In this paper, we focus on the co-occurrence of different forms of experiences and behavioral engagements in
different social roles with online incivility. We believe that this perspective complements existing research by
allowing a better understanding of the intra- and interpersonal dynamics associated with incidents of online
incivility. There is already some research on these relations. For example, perpetration of online incivility seems to
be systematically linked with exposure to incivility in general (Gervais, 2015; Hsueh et al., 2015; Wachs et al., 2019)
and victimization experiences in specific (Festl, 2014; Frischlich et al., 2021; Wachs et al., 2021). These findings
suggest a cycle of violence (Wachs et al., 2022) that reflects a psychological or social link between experiencing
online incivility from a victim or observer perspective and the engagement in this behavior as a perpetrator. There
are different theoretical explanations for this link. Bilewicz and Soral (2020) argue that exposure to online incivility
might desensitize individuals, reduce empathic reactions and erode social norms that prevent people from
engaging in incivility as a perpetrator. The same authors suggest that emotional reactions to incivility, such as
anger and contempt, might facilitate active engagement in online incivility (Bilewicz et al., 2025).

Within this cycle of violence, it is also reasonable to assume that perpetrators are more likely to be victimized due
to retaliation from victims or bystanders. A key mechanism that may shape these dynamics are legitimizing
evaluations of harmful behavior, that is, cognitive processes through which individuals justify or accept aggressive
responses in situations of incivility. One such evaluation is retaliation acceptance, which reflects the normative
legitimization of responding to incivility with reactive aggression. For instance, Festl et al. (2014) report a positive
association between retaliation behavior and victimization. Related research also suggests that bystander
intervention may depend on such legitimizing evaluations. For instance, bystander intervention is, to some extent
more likely the more people report exposure to online hate (Hansen et al., 2024; Obermaier, 2022) or victimization
experiences (Hansen et al., 2024; Henson et al., 2019). Moxey and Bussey (2019) found that higher levels of moral
disengagement, another cognitive mechanism that facilitates the justification of harmful behavior were associated
with aggressive bystander intervention, while constructive responses such as comforting the victim were predicted
by lower moral disengagement. Taken together, these findings suggest that perpetrators may themselves have
prior victimization experiences, while victims and bystanders may also endorse retaliatory justifications. Yet
research rarely examines how these dynamics co-occur within the same individuals.

While there are person-centered analyses on incivility related concepts like predictors of victimization
(Obermaier & Schmuck, 2022) and different offline bystander behaviors (Wachs et al., 2024), the current analysis
takes a broader look at multiple behaviors and experiences related to online incivility. The goal of person-centered
approaches is to identify distinct subgroups which report similar patterns of experiences and behaviors (Bauer,
2022). In line with previous works, this study will make use of a Latent Profile Analysis and analyze additional
descriptive variables for each resulting profile. By doing so, we are able to identify distinct response patterns and
estimate the relative frequency of these patterns within the population.

Multigroup Latent Profile Analysis

A Latent Profile Analysis allows for the investigation of the interrelations of multiple variables across individuals.
Research shows that people can be categorized into different profiles of individuals using latent class or profile
analyses, for example, based on their attitudes towards climate change (Rhead et al., 2018) or the COVID-19
pandemic (Rothmund et al., 2022). In the context of online incivility and related behaviors, person-centered



approaches have been applied to examine patterns of victimization and its predictors (Obermaier & Schmuck,
2022) as well as different forms of bystander behavior in peer contexts (Wachs et al., 2024). Building on this line
of research, the present study extends the person-centered perspective to multiple behaviors and experiences
related to online incivility. Identifying groups of people with similar patterns of experiences or behaviors related
to an issue can be useful for prevention research (Nylund-Gibson & Hart, 2014), as previously demonstrated for
instance in relation to students at risk for depression and anxiety (Marcotte & Starrs, 2023) or predictors of
substance use (Cleveland et al., 2010). The general benefit here is that these groups can be targeted with specific
interventions that are tailored towards the specific intraindividual dynamics that are relevant for these individuals.

In line with previous applications of latent class or profile analysis (Kacha et al. 2022), the current study will use
data from multiple countries to investigate the comparability and generalizability of latent groups across samples.
The dataset that is used for this study includes data from the US, UK, Spain, Poland, France and Finland. By
comparing samples from countries that are relatively similar in internet use (World Bank Group, 2024) and political
regulation of online content (Simmons, 2022), this approach allows us to evaluate the generalizability of results
across comparable samples. Despite similarities, there is reason to expect variations in the online environment
and associated experiences between countries. Previous research on problematic internet use has shown that for
instance, the degree to which internet use is associated with problematic behaviors can vary between otherwise
similar countries (Laconi et al., 2018). A report on children’s experiences with cyberhate across several EU
countries reveals, that there are country specific differences regarding cyberhate exposure, victimization and
aggression. For instance, exposure as well as victimization and aggression in relation to cyberhate are higher in
Poland than France (Machackova et al., 2020). From a linguistic perspective, a comparison of uncivil content in
Polish and English shows that the perception and expression of incivility may differ according to cultural
differences (Lewandowska-Tomaszczyk, 2017). These findings suggest that there are country specific differences
in levels of online incivility. Additionally, cultural norms, language practices, and media environments can shape
how incivility is perceived, tolerated, or responded to, and thus provide the theoretical basis for expecting some
degree of cross-national variation.

Two research questions are posed, to investigate latent profiles related to incivility and their consistency across
several countries.

RQ1: Which latent groups of people can be identified based on their individual experiences and behavioral
engagement with online incivility?

RQ2: How are latent groups of people similar or different across countries?
Demographics and Emotions

To provide more detailed analyses of profiles, additional variables can be used to describe characteristics of
individuals that are grouped together based on the profile criteria. For this purpose, demographic variables and
emotional reactions, more specifically emotions in reaction to remembering uncivil content, will be examined for
the respective groups in this study.

Considering demographic data, men tend to participate more in incivility (Costello & Hawdon, 2018; Moxey &
Bussey, 2019; Sincek, 2021). However, evidence on interventive behaviors is mixed. Depending on whether
intervention is expressed by reporting uncivil content or related to aggressive behaviors, it is associated more with
female or male gender respectively (DiFranzo et al., 2018; Moxey & Bussey, 2019). As the aim of the current study
is to map out patterns of behavior, attitudes and experiences across all individuals, gender will be considered
across all emerging groups.

Understanding emotional reactions to incivility can provide further insight into the intraindividual dynamics that
link different experiences and behaviors towards online incivility. As outlined, there is consistent evidence that
exposure to incivility is associated with anger and contempt, which then can motivate bystander intervention or
even active engagement in online incivility (e.g., Bilewicz et al., 2025; Gervais, 2019; Hansen et al., 2024; Lick &
Nardi, 2019; Masullo et al., 2020). However, other moral emotions are generally rather overlooked. For example,
self-conscious moral emotions such as pride, shame and guilt are important indicators of moral evaluations and
are likely to impact whether and how people legitimize online incivility or behavioral reactions to it (Tangney &
Fischer, 1995). Although these self-conscious emotions are most relevant for evaluating one’s own behavior
(Tracy & Robins, 2004), they can also be felt when appraising the actions of others, especially members of an
ingroup (Lickel et al., 2011). Miranda et al. (2020) for instance find that observing workplace incivility induces



shame and guilt. Whereas shame is generally associated with avoidance behaviors, guilt should be more likely to
motivate moral compensation, such as retaliation against the perpetrator or support of victims (e.g., Rothmund &
Baumert, 2013). While pride is often involved in responses to positive events and generally facilitates prosocial
behavior, group-based pride can be associated with antisocial behavior and motivate aggressive acts that are
motivated by a desire to affirm or protect the group’s identity and status (Sullivan & Day, 2019). Thus, pride may
not always function as a socially constructive emotion; its behavioral implications depend on the social context
and the object of pride. However, as our measure of pride is not only referring to instances of perpetration, we
cannot determine which specific form of pride may be activated in this context. Given that participants reported
their emotions in response to witnessing uncivil content, pride may also arise in the context of observing or being
affected by such interactions.

We aim to analyze different emotional reactions to incivility as indicators of intraindividual dynamics that are
potentially involved in specific profiles. In order to do that, we compare the frequency of experiencing and
expressing specific moral emotions between latent profiles. Understanding which groups are more likely to
respond to incivility with different emotions could not only inform us about the underlying intraindividual
processes, but also provide a theoretical foundation for tailored interventions, enabling platforms and educators
to use communicative messages in order to stimulate processes of emotion regulation (for an overview, see Bettis
et al., 2022). Therefore, we pose a third research question.

RQ3: How do people from the latent groups differ regarding demographics and emotional reactions toward
incivility?

Present Research

The general goal of this study is to identify and to analyze distinct patterns of responses towards online incivility
within individuals, and to better understand intra- and interindividual dynamics that are involved in for different
groups of people. To answer our research questions, we used survey data from the US, UK, Spain, Poland, France
and Finland of young adults between the ages 18-26, to conduct a Latent Profile Analysis. Young adults are a
particularly relevant age group, as they are frequently exposed to online incivility and appear to be especially
vulnerable to the effects of negative online interactions (Kumar, 2025; Politte-Corn et al., 2023; Wang et al., 2019).
The input variables for the LPA (perpetration, victimization, exposure to incivility, bystander behavior and
retaliation acceptance) as well as the additional descriptive variables (sex, anger, hate, pride, shame and guilt) are
calculated from items of a self-report online survey. Based on the input variables, we identify latent groups of
people regarding their incivility related experiences and behaviors and compare the LPA generated groups across
national samples. After identifying the optimal latent profile solution, individuals were assigned to profiles based
on their most likely class membership. These assignments were then used for descriptive and comparative
analyses. Finally, the descriptive variables were used to compare the latent groups based on their expression of
different emotions in response to incivility and sex differences.

Methods

Sample

The data used for this study was collected by Hawdon et al. (2018). The group of researchers made use of a Survey
Sampling International (SSI) panel to collect data on the topic of incivility online, including items on experiences of
victimization, perpetration, attitudes toward hateful content, bystander behavior as well as political attitudes and
demographic information. SSI recruits panel members through multiple channels, such as telephone-based
recruitment, online advertisements, and other opt-in methods. Individuals who join the panel typically complete
an initial screening process, and panel participation is supported through incentive systems designed to
encourage attentive and consistent participation. Respondents for the present survey were randomly selected
from the panel members in the six countries included in the study. After excluding 508 missing cases in
preparation for the LPA, the sample for the current study consisted of N = 4,555 young adults. Comparisons
between included and excluded participants revealed statistically significant, small to moderate differences for
some variables (see Supplementary Material S5 for detailed results). Participants were aged 18 to 26 (M = 21.69,
SD = 2.24) from the US, UK, Spain, Poland, France and Finland. Two thirds (67.72%) of respondents were women
and 52,53% of participants reported to spend six or more hours online daily.



Data Collection

The survey was conducted online in May 2018 across the six countries. The content of all surveys was identical
and translated from English to each country’s majority language if necessary. The translation was carried out and
additionally reviewed by native speakers of the respective languages. Participants received information about the
purpose of the study and anonymization of their information as well as the option to withdraw.

Measures
Item formulations for each of the following measures can be found in Supplementary Material S4.
Perpetration

Perpetration was measured using two self-report items that captured different aspects of participants’
engagement in harmful online behavior. The first item asked: Have you ever produced online material that other
people would likely interpret as hateful or degrading? with a binary response format (yes, no). The second item
assessed the frequency of joining in harmful online interactions: When people on social networking sites are being
mean or offensive, how often does each of the following happen? - You join the mean behavior, answered on a 4-point
scale (never to frequently). The two items were moderately associated (Spearman’s p = .37). To derive a
perpetration indicator for each participant, responses were recoded to reflect presence (1) or absence (0) of
perpetration behavior on each item and then summed into a composite score ranging from 0 (no indication of
perpetration on either item) to 2 (indications on both).

Victimization

Victimization was measured by asking participants how frequently they were attacked in the last three months
because of ethnicity or race, nationality, sexual orientation, religious conviction/belief, disability, the person’s sex
or gender, or sexual orientation (Cronbach’s a = .90). All seven items were measured on a scale from 1 (never),
2 (once or twice), 3 (3 to 5 times), 4 (6 to 10 times), to 5 (11 or more times). Scores were counted as missing values
when less than half of the items were answered, otherwise, an average score was calculated from the remaining
responses.

Bystander Intervention

Participants were also asked to answer on a scale from 1 (never) to 4 (frequently), how frequently they reacted to
mean or offensive content by defending the person or group that is being attacked. Bystander intervention was
measured with a single item.

Retaliation Acceptance

Three items from a series of questions about hate speech acceptance were combined, all relating to the
acceptability of producing hateful content in response to an attack on oneself or others ( It is OK to send hateful or
degrading messages against someone online if they start to attack you first, It is OK to send hateful or degrading messages
against someone online if they insult your friends or your family, It is OK to send hateful or degrading messages against
someone online if these people make fun of you or insult you because of your religion, your origin or the color of your
skin). Cronbach'’s alpha was a = .88. Participants' responses were recorded on a scale from 1 (strongly agree) to 5
(strongly disagree).

Hate Exposure
To measure hate exposure, one item was used where participants were asked to indicate how frequently they

were exposed to uncivil content online (How frequently do you see material online that expresses negative views toward
some group?) on a scale from 1 (never) to 4 (frequently).



Emotional Reactions

In addition to the five input variables for the latent profile analysis, perpetration, victimization, retaliations
acceptance, exposure and defending victims, emotional reactions to incivility were measured to further describe
the emerging profiles. The emotions in reaction to incivility were recorded by asking participants how seeing
uncivil content in the past made them feel. Each of the five emotional reactions (angry, hateful, guilty, proud and
ashamed) could be rated on a scale from 1 to 100.

Results

Analysis Strategy

In the first part of the analysis, we identified a latent profile solution across countries and for each country
individually, grouping participants according to their similarities across input variables using the R package mclust
(Scrucca et al., 2023). The models were estimated as Gaussian mixture models assuming normally distributed
continuous indicators within profiles and were fitted using maximum likelihood estimation via the Expectation-
Maximization algorithm implemented in the mclust package. Prior to profile estimation, all input variables were z-
standardized (M = 0, SD = 1) to ensure comparability across differently scaled measures.

Identification of Profiles

To identify the optimal number of profiles, the Bayesian information criterion (BIC) and Akaike information
criterion (AIC) were calculated for the complete dataset and each national sample individually for 1-9 latent
profiles. The upper limit of nine profiles was chosen because solutions beyond this point showed only marginal
improvements in model fit while substantially reducing interpretability, and restricting the range ensured a
parsimonious set of candidate models. In addition to statistical fit indices, the selection of the final solution also
considered the theoretical interpretability of the resulting profiles. When using the data from all countries
combined (N = 4,555), the entropy value for this solution was 0.85, indicating good classification accuracy and clear
separation between profiles. The lowest BIC and AIC values indicated a five-profile solution as the best fit (see
Table 1). The same pattern was observed for the national samples of the UK and France. Regarding the sample
from the US, Spain and Finland, more than five profiles were associated with lower BIC and AIC values. However,
in line with Nylund-Gibson and Choi (2018), an elbow point indicated that a five-profile solution sufficiently fits the
data for each of these samples. Elbow points refer the points on a plot, where the improvement in model fit starts
to level off, indicating an optimal balance between model complexity and explanatory power. Only the sample
from Poland did not have a preferential fit of five profiles. In order to ensure comparability of results across
countries, a five-profile solution was applied to this sample as well. The according fit indices per country, as well
as detailed descriptions of the country-specific profiles can be found in the supplemental material.

Overall, the five identified latent profiles showed consistent patterns of behaviors, and experiences, which differed
substantially between the groups (Figure 1). In the following sections, we describe the profiles using z-standardized
means. These scores indicate each profile’s deviation from the overall sample mean: a value of 0 corresponds to
the sample average across all included cases, while a value of 1 represents a mean one standard deviation above
that average. Importantly, these values describe relative differences within the sample rather than absolute levels
of behavior or experience.

Across all six countries, similar patterns of profiles were observed. With one exception (i.e. no Spanish observer
profile, see paragraphs Observers and Defenders), the same profiles were found for all six countries. The
proportions of profile sizes, as detailed in Table 2, are often comparable but vary across samples (see
supplemental materials for country-specific results).



Table 1. LPA Fit Indices AIC and BIC Across Numbers
of Profiles Based on the Full Dataset.

N AlC BIC

1 61911.38 62039.86
2 51771.88 52009.57
3 47007.46 47354.35
4 44274.93 44731.03
5 41321.64 41886.95
6 47747.67 48390.07
7 48283.69 49028.87
8 57102.53 57500.82
9 57113.72 57550.55

Note. Lowest scores are marked in bold.

Figure 1. Five Latent Profiles Based on the Full Dataset.
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Table 2. Sample Sizes and Per-Country Distribution.

Overall us UK Spain Poland France Finland
(n = 4,555) (n =1,000) (n=879) (n = 680) (n=691) (n =844) (n=461)

Perpetrator-victims 1,046 (23.0%)  305(30.5%) 215(24.5%) 144(21.2%) 50(7.2%) 198 (23.5%) 144 (31.2%)

Observers 1,074 (23.6%) 148 (14.8%) 139 (15.8%) — 112(16.2%) 163 (19.3%) 93 (20.2%)
Uninvolved 653 (14.3%) 93 (9.3%) 84(9,6%) 147(21.6%) 59(8.5%) 117(13.9%) 67 (14.5%)
Tolerators 878 (19.3%) 181(18.1%) 300 (34.1%) 91(13.4%) 366(53.0%) 149 (17.7%) 127 (27.5%)
Defenders 904 (19.8%) 273 (27.3%) 141 (16.0%) 205(30.1%) 104 (15.1%) 217 (25.7%) 30 (6.5%)
Defender-victims — — — 93 (13.7%) — — —

Note. Percentages indicate the relative size of profiles within the (country-specific) sample. The Overall column is based on the latent profile
analysis of the pooled sample and is not calculated by summing the country-specific counts.

Perpetrator-Victims
The group of perpetrator-victims stood out based on their uniquely high relative scores on both perpetration and

victimization, as well as high retaliation acceptance. Scores on defending victims and hate exposure were close to
the overall sample mean. Notably, while all other profiles showed below-average perpetration probabilities,



perpetrator-victims indicated prior perpetration at approximately +1 SD above the mean across all countries. This
profile was relatively large in most national samples (21-31% of respondents), but much smaller in Poland (7.2%),
where the tolerator profile also had perpetration scores near the sample mean. Victimization was highest for
perpetrator-victims in all countries except Spain, where the defender-victim profile had a slightly higher score.
Retaliation acceptance was consistently elevated - ranking highest among profiles in the US, UK, Poland, and
Finland, and second-highest in Spain and France.

Uninvolved

The uninvolved consisted of people who, compared to other profiles, reported hate exposure well below the overall
sample mean and scored below average on all other variables (defending victims, perpetration, acceptance of
retaliation and victimization). In the Finnish sample, individuals with an uninvolved profile showed an average score
for defending victims. Similarly, in the Spanish sample, hate exposure was slightly higher than in the other national
uninvolved profiles. Overall, this profile showed lowest relative involvement of any kind in uncivil discourse
compared to other profiles.

Observers

This profile scored relatively low on perpetration, victimization, acceptance of incivility, and defending victims.
What distinguished observers from the uninvolved profile was their relatively high exposure to online incivility. This
profile did not emerge in the Spanish sample; instead, Spain appeared to have two variations of the defender
profile with average and above-average scores on exposure.

Defenders

The defenders defining feature was the relatively high score on defending victims, while scores on perpetration
and acceptance of retaliation were below-average. Hate exposure varied between countries from average to
above-average scores. In the Spanish sample, a second variation of this profile emerged: the defender-victim
profile. Like the standard defender profile, it showed a high score on defending victims, but it also exhibited
relatively high victimization and hate exposure. This pattern was similar to the defender profiles in the UK and
France, which also showed elevated victimization relative to other national profiles. Overall, defenders consistently
scored high on defending victims, while their victimization experiences varied by country, ranging from below to
above the overall sample mean.

Tolerators

In all national samples, a tolerator profile emerged, characterized by relatively high acceptance of retaliation and
average scores on exposure to hate, defending victims and victimization experiences. Compared to other profiles,
this group showed most volatility—in size (13,4% in Spain, and 53% in Poland) as well as in country-specific
patterns. Notably, individuals from this group scored second highest on victimization compared to other profiles.
Overall, tolerators showed moderate and volatile involvement in uncivil discourse with an above-average
acceptance to retaliate.

Description of Profiles: Demographics and Emotions

In addition to the predictor variables of the LPA, we investigated the association of the resulting profiles and
emotions in relation to online incivility. Demographic data was also considered to describe profiles and possible
differences between them. Differences between profiles in continuous variables, such as emotional responses,
were examined using one-way analyses of variance (ANOVA) with Tukey's Honestly Significant Difference (HSD)
tests used for post hoc pairwise comparisons. Effect sizes for pairwise differences are reported as Cohen’s d. The
subsequent section will provide insights into the variations among profiles regarding demographic data and
expressed emotions in relation to incivility (see Table 3). More detailed data on the country-specific differences
can be accessed in the supplemental material.



Demographics

The distribution of sex across the five groups was examined using Pearson's Chi-squared test. As mentioned
above, the gender distribution in the overall sample was not even, women made up two thirds of the sample. The
analysis revealed a significant association between sex and group membership, x3(4,4542) = 204.32, p < .001,
Cramér's V= .21. A post hoc pairwise proportion tests with Bonferroni correction revealed, that perpetrator-victims
are significantly more likely to be male compared to the other profiles (47.99% male), while observers (24.28%
male) and defenders (21.06% male) were more likely to be female compared to all other groups.

Table 3. Mean Values, Standard Deviations and Significant Differences Across Profiles in the Overall Sample.

overall Perpetrator-victims Observers Uninvolved Tolerators Defenders Test statistic
(22.96%) (23.58%) (14.34%) (19.28%) (19.85%) (df)

Sex 32.28% male 47.99% male?3*> 24.28% male'3* 32.00% male '*°> 35.09% male'?> 21.06% male'** 204.32 (4,4542)
Age 21.7 (2.24) 21.8(2.28)* 21.7 (2.15) 21.9(2.29%  21.3(2.23)"**°  21.8(2.23)* 8.64 (4,4540)
Education 3.61(1.91) 3.47 (1.83)*° 3.73(2.00)" 3.67(1.97) 3.48(1.87)? 3.72(1.85)! 4.36 (4,453)
Religiosity 2.24(1.33) 2.49 (1.31)%345 2.10(1.27)" 2.07 (1.31)"4 2.27 (1.34)"23 2.23(1.37) 15.71 (4,4540)
Internet use 3.70(1.29) 3.71(1.34) 3.68(1.22) 3.59 (1.32)* 3.82(1.28) 3.70(1.28) 3.11 (4,4493)
Perpetration 0.30(0.59) 1.29 (0.46)%345 0(0) 0 (0)' 0(0)! 0(0)’ 7077 (4,4550)
Exposure 2.72(0.86) 2.60 (0.94)%345 3.19(0.40)'34>  1.76 (0.43)"%4°>  2.83(0.87)"23 2.86(0.80)"*3 411.1 (4,4550)
Victimization 1.39(0.66) 1.97 (0.94)%345 1.06 (0.11)'45 1.04 (0.09)"*>  1.54(0.68)"%35> 1.22(0.26)">3* 485.4 (4.4550)
Retaliation acceptance 2.12(1.27) 3.00 (1.39)%345 1.60 (0.58)"3*° 1.44(0.52)'>*> 3.26(1.21)"%3>> 1.09(0.19)"*3** 1029 (4,4550)
Defending victims 2.42(1.07) 2.54 (0.96)%3° 1.91(0.93)"34> 1.73(0.91)"245 2.43(1.11)%35 3.37(0.57)"*34 427.8 (4,4550)

Anger 67.17 (28.74)  59.14(28.89)>*>  68.06(27.97)"° 63.89(28.43)° 65.94(30.55)" 76.94 (24.78)"**4 35.46 (4,2906)
Hate 41.09(30.97) 48.18(28.90)>*45 35.25(29.70)'4> 36.05(29.66)' 41.74(30.96)"% 40.47(33.55)'% 16.48 (4,2562)
Pride 13.99(25.20) 31.8(32.33)2345 4.33(11.93)"4 7.46 (18.53)" 9.84(21.07)'2  4.61(13.11) 137 (4,1874)
Guilt 22.11(27.19) 34.64(30.78)>*4> 14.08 (20.57)'*> 17.89(22.45)' 19.17(26.01)"? 19.02(25.98)'? 51.82(4,2146)
Shame 51.77 (34.31)  50.64 (31.40)° 49.23(35.00)° 45.83(33.63)° 51.33(35.47)° 58.34(35.06)'%3** 7.92(4,2610)

Note. Superscript numbers indicate p < .05 between according profiles: ' = perpetrator victims, 2= observers, 3= uninvolved, 4 = defenders,
5= tolerators.

Hate

Reported hatred differed significantly between profiles (p <.001) and was the highest in perpetrator-victims. Effects
were of small to medium size compared to observers (p <.001, d = 0.44), uninvolved (p < .001, d = 0.42), tolerators
(p =.003, d = 0.22) and defenders (p < .001, d = 0.25). Hate was lowest in the profile of observers, with significant
small differences compared to tolerators (p = .003, d = 0.21) and defenders (p = .026, d = 0.17).

Pride

Profiles differed significantly in experienced and reported pride when encountering online incivility
(F4,1874) =137, p < .001) and was highest in the groups of perpetrator-victims. Effects were of medium to large
size compared to defenders (p < .001, d = 1.17), observers (p <.001, d = 1.09), uninvolved (p < .001, d = 0.81) and
tolerators (p < .001, d = 0.77). In addition to these medium to large effect sizes, the difference between observers
and tolerators was also significant with a small effect size (p = .005, d = 0.34).

Guilt

There were significant differences between the profiles with regard to their expression of guilt upon recalling
incivility (F(4,2146) = 51.82, p <.001), with highest guilt in the group of perpetrator-victims. Effects were of medium
to large size compared to observers (p <.001, d = 0.78), uninvolved (p < .001, d = 0.58), tolerators (p < .001, d = 0.53)
and defenders (p < .001, d = 0.54). Guilt was lowest in the group of observers with additional significant small
differences compared to tolerators (p = .025, d = 0.22) and defenders (p = .026 d = 0.21).



Shame

Responding to recalled incivility by indicating shame was also not equal across profiles (F(4,2610) = 7.92, p <.001).
Defenders, with the highest mean score differed significantly from uninvolved (p <.001, d = 0.36), observers (p <.001,
d = 0.26), perpetrator-victims (p < .001, d = 0.23), and tolerators (p = .006, d = 0.20), with generally small effect sizes.

Discussion

The general goal of this study was to identify and analyze distinct patterns of responses towards online incivility
within individuals in order to better understand intra- and interindividual dynamics that are involved for different
groups of people. Based on individuals' prior online experiences and behaviors - such as perpetration,
victimization, bystander intervention, exposure to hateful content and retaliation acceptance - we identified five
distinct latent profiles. First, the perpetrator-victim profile consists of people who reported the highest frequency
of both, perpetrator behavior and victimization experience. This finding supports previous research indicating that
perpetration of online incivility is systematically linked to victimization experiences within individuals (Festl, 2014;
Frischlich et al., 2021; Wachs et al., 2021). Also consistent with previous findings, perpetrator-victims were more
likely to be male than members of other profiles. However, our findings do not support the assumption that this
group is also most likely to be exposed to online incivility in general (Gervais, 2015; Hsueh et al., 2015; Wachs et
al., 2019). Second, the defender profile describes active bystanders who were the most likely to support victims but
do not accept retaliation and are not being perpetrators themselves, while also reporting moderate experiences
of online victimization. This group might be involved in non-violent forms of counter-speech or victim support in
response to online incivility. Third, tolerators showed a relatively high acceptance for retaliation against
perpetrators but below average participation in perpetration and tendency to defend victims. This group seems
to be specifically characterized by their normative support for harsh reactions towards online perpetrators. Finally,
the uninvolved profile and the observer profile describe individuals who were least likely to get actively involved in
uncivil discourse compared to other profiles, although observers experience online incivility most frequently.

Congruence of Profiles Across Countries

The structures of the five profiles were largely consistent with exceptions across countries. In the Spanish sample,
no observer group emerged, instead, there are two groups that can be classified as defenders. In the Polish sample,
the tolerator group reports a higher frequency of perpetration compared to the other samples and seems to
include more people that are categorized as perpetrator-victims in the other samples. These deviations highlight
the importance of interpreting profile structures in light of national context. Besides these deviations, however,
the similarities between the profiles for each national sample are striking (see Supplementary Material S2 for
country specific visualizations of all profiles). Considering that cross-national differences have been found to play
a role in the experience or expression of incivility (Laconi et al.,, 2018; Lewandowska-Tomaszczyk, 2017;
Machackova et al., 2020), the similarity of profiles across countries indicates that the discovered profiles may be
widely applicable to describe online environments.

The relative size of the profiles varies between national samples. Except for the Polish and Spanish sample that
have specific profile characteristics (see above), two numbers stand out. First, it is striking that the group of
uninvolved is very small in the US. This might reflect a higher general level of online incivility in the US compared
to other countries that can be the result of a different legal situation (Rosenfeld, 2003). Second, the relative size of
defenders is very low in Finland, which might reflect national differences in cultural norms but could also be a
methodological artifact.

Emotional Reactions and Intraindividual Dynamics in the Perpetrator-Victim Profile

The perpetrator-victim profile is the group most actively involved in online incivility. While the co-occurrence of
perpetration and victimization has been widely documented across contexts (Festl et al., 2014; Frischlich et al.,
2021; Wachs et al., 2021; Wachs et al., 2022), examining how this co-occurrence relates to other incivility-related
indicators at the individual level may help contextualize it. This profile also shows a high acceptance of retaliation,
which supports previous assumptions about the dynamics of the perpetrator-victim relationship. Research on
cyberbullying suggests that legitimizing evaluations of harmful behavior may play an important role in this



dynamic. For example, retaliation intentions and moral disengagement have been shown to moderate the victim-
perpetrator association (Festl et al., 2014; Hood & Duffy, 2018). In this sense, victimization may be linked to
aggressive retaliation if retaliation is morally accepted or if people legitimize retaliation and disengage from moral
evaluations, for example by means of attributing blame to the victim—one of several strategies of moral
disengagement. This aligns with the possibility of an escalation pathway that fuels a “cycle of violence” (Wachs et
al., 2022), when victimhood combined with retaliation acceptance fuels aggressive responses. This interpretation
is in line with the finding that perpetrator-victims reported the highest levels of hate and pride when exposed to
online incivility.

At first, the fact that people belonging to the perpetrator-victims would report feelings of pride when remembering
uncivil content seems puzzling. Pride is typically linked to morally virtuous acts rather than negative behavior
(Haidt, 2003). However, morality is often a matter of perception. Perpetrators might still see themselves as morally
virtuous because they do not view their actions as inherently wrong; instead, they may believe they engaged in
incivility for a greater cause, such as protecting moral values (Van Zomeren et al., 2023). This could explain why
retaliatory incivility, perceived as a justified response to prior provocation, might evoke feelings of pride (Osborne
et al., 2025). Another explanation involves distinguishing between authentic and hubristic pride. Authentic pride
is rooted in one's moral values and encourages prosocial behavior. In contrast, hubristic pride is based on external
validation and can drive anti-social behavior (Krettenauer & Casey, 2015), often motivated by a desire to affirm or
protect the group’s identity and status (Sullivan & Day, 2019). Though the measurement of pride does not allow
for a distinction of these forms, it is theoretically possible that when members of the perpetrator-victim group
associate pride with uncivil behavior, they are experiencing hubristic pride, which enhances their group-based
self-image. Thus, pride could be experienced as a group-focused emotion that serves the self in this context.

However, this group is also characterized by the highest levels of guilt as a specific moral reaction to offensive
behavior. Guilt entails a negative evaluation of one's own behavior (Lickel et al., 2011) and is felt by individuals
based on specific behaviors that they can control (Tracy & Robins, 2006). The self-conscious emotion is associated
with a motive to repair (Lickel et al., 2005) and has been found in correlation to retaliation behavior and supporting
victims (Miranda, 2020). Although the support of victims (measured as defending victims) is only moderate among
perpetrator-victims, retaliation behavior and justification thereof are clear features of this profile. Therefore, guilt
could appear as a self-focused emotion that serves to repair relationships with others. This finding indicates that
perpetrator-victims might still be sensitive towards moral reflections about the cycle of violence.

Pride is associated with motives based on group identity while serving to enhance self-image, whereas guilt is self-
focused and motivates behaviors that benefit others. Thus, these apparently contradictory emotions seem to
serve different functions in processing one’s own perpetration behavior and victimization experiences. Future
research could further explore how pride and guilt interact in shaping individuals’ responses to online incivility
and how these emotions can be leveraged in the design of effective interventions. Importantly, the causal link
between perpetrator behavior and experiences of victimization could also work in a reverse fashion, with
victimization emerging as a consequence of prior perpetration. In this scenario, offensive behavior may provoke
uncivil retaliatory behavior by others (see Bondu et al., 2016, for a discussion of such dynamics).

Emotional Reactions and Intraindividual Dynamics in the Defender Profile

Understanding the motives of defenders could give insight into the conditions under which people tend to engage
in non-violent forms of bystander intervention when confronted with online incivility. Cross-national comparisons
suggest that past victimization may motivate bystander intervention (Henson et al., 2019). However, victimization
is not generally overrepresented in the defender profile. Additionally, low retaliation acceptance across all national
samples indicates that defending victims of online incivility may not be related to moral disengagement. This aligns
with the finding by Moxey and Bussey (2019) that moral disengagement is negatively correlated with non-violent
bystander intervention in uncivil discourse. Thus, people who intervene in online discourse by defending victims
do not seem to act based on aggression or a motive for revenge.

Interestingly, however, this group does seem to be motivated by anger, which is highest in this profile. This finding
is in line with previous findings that anger motivates people to speak out against incivility (Masullo et al., 2020).
However, shame, which has been linked to inaction in reaction to incivility (Miranda, 2020) is also highest among
defenders. Even though the effect sizes for this association are rather small, understanding this seemingly
paradoxical relationship may help to understand bystander motives. Literature on so-called vicarious shame,
which describe experiencing emotions on behalf of someone else, might offer some insight into this finding (Lickel



et al., 2005). Vicarious shame can be experienced towards the behavior of a perpetrator, especially if the
perpetrator is part of an ingroup with a shared identity. As opposed to a motive to repair as is the case for guilt,
shame invokes a motive to distance. However, distancing, measured by Lickel et al. (2005) as not wanting to be
associated with a person, does not have to imply inaction. Thus shame, though previously associated with inaction,
may motivate intervention, when it is felt for another person, by creating a need to actively distance oneself from
someone else's behavior.

Practical Implications and Future Research

Our research informs previous research on interventions about online incivility (for an overview see, Windisch et
al., 2022). Based on the person-centered methodological approach, we identified specific individual profiles in the
engagement with online incivility that reflect potential target groups for tailored interventions. Especially
perpetrator-victims seem to be a well-suited group for specific communicative interventions. Furthermore, our
research approach allows to inform the design of interventions based on the intra- and interpersonal dynamics
that our analyses indicate. Our findings speak in favor of practical interventions that sensitize perpetrator-victims
towards the pitfalls of moral disengagement as a driver of cycles of violence. Based on our results, such an
approach is likely to include at least three elements: First, an educational approach that informs about the logic
of reactive cycle of violence dynamics in interpersonal and intergroup communication settings (see Postmes et al.,
2014). Second, a communicative format that sensitizes perpetrator-victims towards the pitfalls of moral
disengagement as a driver of cycles of violence (see for example, Babaei, et al., 2020). Third, an emotion regulation
approach that aims at developing skills in regulating hate and contempt when incivility is experienced online (see
for example, Syrjamaki et al., 2022).

Additionally, the group of defenders might also be especially relevant for practical intervention research, given that
their pattern seems to involve non-violent forms of bystander interventions. In other words, the pattern of
defenders provides a promising skillset for constructive forms of bystander intervention. Future research might
focus especially on this group in order to better understand the factors that allow people to act as defenders
without getting involved in the cycle of violence themselves.

Limitations

The use of a latent profile analysis comes with several limitations. The assumption of homogeneity within profiles
may lead to oversimplification of the underlying data (Schmidt et al., 2021). Even though more profiles would not
have been conducive to the purpose of the current analysis and did not fit the overall data structure the best,
individual patterns among national samples may have been obscured by the generalization of profile sizes. The
consistency of profiles across national samples, however, does indicate that there is some degree of validity of the
identified profiles across countries. Furthermore, comparisons between included and excluded respondents
indicated small to moderate differences for some variables. Excluded participants reported somewhat lower
exposure to hate and defending behaviour, but slightly higher acceptance of retaliation. Although these
differences were relatively small and the proportion of excluded cases was limited (approximately 10%), this
pattern suggests that individuals with lower engagement in online incivility contexts but stronger normative
acceptance of retaliation may be slightly underrepresented in the analytic sample. Even though this cross-national
approach was successful in validating patterns of experiences and behaviors across countries, the sample is
limited to mostly western countries and only includes young adults with men being underrepresented. Collecting
and analyzing data that includes more cultural and demographic diversity could contribute to more generalizable
findings.

The exclusive focus on young adults limits generalizability but also reflects a demographic group that is highly
relevant given the topic, as young adults consistently report the highest levels of internet use (Kumar, 2025) and
are especially exposed and vulnerable to incivility (Wang et al., 2019; Politte-Corn et al., 2023). This pattern of
frequent internet use is evident in the studied sample and might lead to an underestimation of the share of
participants with little or no exposure to online incivility. Younger users also tend to evaluate norm violations less
severely than older cohorts (Bormann, 2022), which may affect how they perceive and engage with uncivil
discourse.

The implications drawn from the current study may also be limited by the age of the survey data that was used.
After 2018, when the data was collected, internet use rose slightly during the COVID-19 pandemic and returned to



similar levels by 2023 (Kumar, 2025), suggesting relatively stable usage patterns. However, major global
developments, such as the COVID-19 pandemic, rising political polarization as well as platform-level changes to
content moderation, may have influenced the nature of online discourse and how individuals respond to incivility
(Wakefield & Wakefield, 2022; Sorrentino et al., 2023). These shifts could affect emotional reactions, engagement
behavior, or perceived social norms. Since this study provides insights into user patterns in a pre-pandemic
context, its findings should be interpreted with this temporal limitation in mind.

Conclusion

The current research contributes to the existing knowledge about psychological and social predictors that
motivate people to participate or intervene in online uncivil discourse. By making use of Latent Profile Analysis,
the investigation adds to the understanding of this complex phenomenon by taking a person-centered
perspective. The findings underscore the complexity of online incivility and the interconnectedness of various
factors influencing individuals’ responses to it, while providing new insights as to how perpetration, victimization,
bystander intervention, exposure to incivility, and acceptance of retaliation all play a role in shaping individuals'
responses to online incivility. As incivility and its negative implications for online communication will continue to
affect individual wellbeing and societal discourse, building on current knowledge to deepen the understanding of
underlying causes remains highly relevant.
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